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ABSTRACT

Fish production forecasting is a crucial factor in fishery resource management and
development of fisheries. Fish production depends on very various effects and issues so that
it 1s complicated to predict it considering all relevant factors. It is ARIMA model that can
fairly overcome these limitations because ARIMA model can perform forecasting despite
insufficient information on the relevant factors. However, ARIMA model could make it
difficult to discriminate the parameter. In order to complement the defects, we developed a
looping simulation program that could generate the results of all fisheries cooperatives by
setting the range of the parameter. In addition, ARIMA model generally shapes a single
model for a single target variable. But the model could affect seriously forecasting result
when it does not properly infer coefficients of the model. To overcome the defect, We
proposed a forecasting prospect through double time series models that mix ARIMA model
and SARIMAC(seasonal ARIMA) model. Consequently, We presented fish production
forecasting model of anchovy, mackerel, hairtail and yellow corbina.
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Parameter Estimate Standard t Value Approx. Lag
Error Pr>|t|
MU 0.0385 0.0267 1.44 0.1592 0
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Constant Estimate 0.0385
Variance Estimate 0.0465
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Conditional Least Squares Estimation

. Standard Approx.
Parameter Estimate Error t Value Pril Lag
MU 0.0517 0.0259 1.99E+00 0.0479 0
MAI1,1 0.5424 0.1026 5.28 <.0001 12
ARIL,1 05190 0.0654 793 <0001 1
AR2,1 -0.1826 0.1191 -1.83 0.0487 12
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Constant Estimate 0.0294
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Conditional Least Squares Estimation

Parameter Estimate Standard t Value Approx. Lag
Error Pr>|t|
MU -0.0178 0.0361 -0.49 0.6221 0
MAI1,1 0.5078 0.0685 741 <.0001 12
ARIL,1 0.4093 0.0755 542 <.0001 1
AR12 0.1853 0.0756 245 0.0152 2
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MMSE 0.3736
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MAI1,1 -1.0000 0.0469 -21.33 <.0001 1
T 14 2EAH J|IE
Constant Estimate -0.1218
Variance Estimate 0.1588
MMSE 0.3985
AIC 34.8704
SBC 37.8634
13>3} <& 14>0lth. @ FATFE ARIMA(1,0,0000,1,1) (195 W2E Ao
o= 006311 A Golabx] ek Aoz g = AHEEAT old fd AEE mEo)
U A A 2 AE @ 5 dnh s BEAR VIS <3 1559 <&
o} Bd iEd F27) ARMARE  16>olth 45HE HFE o= 0053
HEHe e g, A folstel Aol EATL L F 9
ol T AtEd Fx7] SARIMAE S
b2 -7 sata I8 Eol wEe B 3
AEAe e 2o

(1-0.5713B)(1 — B®)(Z,+0.1372)

= (1—0.5747B%)a,
Z, = In(Lutaj Hx7] i)

.
T F=-U

Conditional Least Squares Estimation

Parameter Estimate Standard t Value Approx. Lag
Error Pr>t|
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