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Abstract

In this paper, we estimated the factors influencing the futures prices of corn and
wheat through Bayesian model averaging. Uncertainty in the grains futures price
is due to the fact that various factors other than real factors have a probabilistic
impact. By using the results of this study and applying probabilistic factors, the
ability to forecast grain futures price could be improved. Bayesian model averag-
ing will help increase confidence in price estimates when used with a single
model approach.
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SHt 2

pip Post Mean Post SD Cond.Pos.Sign
Stock 1.00000000 -0.335602200 0.126261265 1.00000000
WiIT 0.20705453 0.025653712 0.095616182 0.82102757
r 0.35795902 -0.041935238 0.070033627 0.01097654
CIT 0.38013724 0.064962315 0.100478956 1.00000000
lanina 0.09557079 -0.000110368 0.011262040 0.45898926
elnino 0.25930331 0.009649269 0.020167913 1.00000000
China 0.21058738 0.002075712 0.005194134 0.99997239
dollar 0.12031300 -0.051330000 0.356516000 0.00000000
ethanol 0.82070134 0.162966718 0.101456076 1.00000000
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= o532
pip Post Mean Post SD Cond.Pos.Sign
Stock 1.0000000 -1.175452547 0.129175548 0.0000000
WITT 0.21363031 0.042483533 0.105483458 1.00000000
r 0.89633000 -0.197137182 0.095418722 0.0000000
CIT 0.09162568 0.006833423 0.035981906 0.98020998
lanina 0.37044146 -0.028937314 0.045424299 0.0000000
elnino 0.66027137 0.046108226 0.040126561 1.0000000
China 0.20283685 0.002433320 0.006303303 0.0226530
dollar 0.11858000 -0.035370000 0.344554000 0.3335120
ethanol 0.10700000 0.0244247000 0.086369042 0.00270942
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7
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RE. ADFERIZ 2AH 2t
o FEHT A5
AR A P-value AR A P-value
712 4) -2.06 >0.1 -7.03 <01
el A= (4) -2.44 >0.1 -6.32 <01
WTIH4) -2.58 >0.1 -5.71 <.01
STF7HA ) -2.40 >0.1 -6.15 <.01
£5+CIT4) -1.5894 >0.1 -4.1061 <.01
b7HA 4) -2.26 >0.1 -6.01 <.01
UCIT(5) 200812 -1.2998 >0.1 -3.9934
o g-& 714 (1) -2.1875 >0.1 -4.4236 <.01
T3 AR FYEQ) -1.0963 >0.1 -9.3662 <.01
AA == A1) -0.8693 >0.1 -6.5157 <.01
T RE AATAZEE A Y AR de B¥E VIE2E FHlage AICTIE).
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